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Wikipedia:
https://en.wikipedia.org/wiki/Bernstein% E2%80%93von_Mises_theorem.

Bickel, Peter J., and Joseph A. Yahav. "Some contributions to the asymptotic
theory of Bayes solutions." Zeitschrift fiir Wahrscheinlichkeitstheorie und
verwandte Gebiete 11.4 (1969): 257-276.
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